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Development of Remaining Useful Life Prediction Technology for
Rolling Bearings under Flaking Propagation
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In recent years, due to the equipment aging and the lack of maintenance personnel, interests in advanced
predictive maintenance is increasing, and rolling bearings are attracting attention as a target. In

general, rolling bearings are replaced when some kind of damage occurs. However, in some cases where
maintenance is not easy, they may continue to be used even after the damage has occurred as long as it
does not affect peripheral equipment. This paper introduces a development Al method for predicting the
remaining useful life of rolling bearings under flaking propagation.
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